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Our first challenge centred around tensions in our understanding of scale of impact in learning 

analytics, from which we highlighted the potential of augmentation of existing practices of task 

design  as a means to keep implementation and impact central to the development of learning 

analytics.  

1. Challenge 1: How do we understand scale of impact in learning analytics? 

2. Recommendation 1: Implementation and integration into pedagogic practice should be core 

to the definition of impact, and central to the implementation of learning analytics at scale 

that augments existing good practices. 

From this, we highlighted a second challenge in how we understand the nature of that impact, 

optimisation and improvement, in learning analytics, highlighting the significance of learning tasks as 

sites in which conjectures are implicitly or explicitly made mapping learning needs to intended 

activity (or mediating processes).  

3. Challenge 2: How do we operationalise optimisation and improvement in learning analytics? 

4. Recommendation 2: Learning tasks are the central object in developing and evaluating 

learning analytics, and should receive due attention at both the pedagogic and technical 

levels 

The role of the analytic in these tasks is – as we discuss in our third challenge – centrally about 

learning, and thus we argued that learning analytics work should evaluate and design from the 

perspective of learning, rather than solely focussing on computational concerns such as accuracy. 

5. Challenge 3: How do we evaluate the ‘readiness’ of learning analytics? 

6. Recommendation 3: Embrace imperfection & an approach to computational elements of 

learning analytics that is targeted at achieving impact on learning by connecting to task 

oriented approach. 

The issue of scaling these tasks over sites that share a common learning need was the focus of our 

fourth challenge, in which we proposed a model for contextualisable learning analytics design, that 

aligns pedagogic and technical concerns through a (co-)design approach to both.  

7. Challenge 4: How do we implement learning analytics across sites? 

8. Recommendation 4: Design should permeate the pedagogic and technical context, with 

patterns.   
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Finally our fifth challenge highlighted that shared technical infrastructure alone is unlikely to support 

scaling; instead, learning analytics work should develop shared technical and social infrastructure 

that supports the adoption, adaptation, and evaluation of approach over sites. 

9. Challenge 5: How do we build institutional capacity for learning analytics 

10. Recommendation 5: A clear attention to technical and social infrastructure to achieve 

learning analytics for learning impact 

 

 

A model of learning analytics directed toward implementation and impact. 
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